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ReView platform scaffolds rigorous assessmept design and
development of student evaluative judgement

UTS R&D > SaaS http://academ.com.au/review

lllustrated powerfully by Liverpool Boys High School N — -

UTS CRICOS 00099F


http://academ.com.au/review

ReView
platform

Helping students see
how they’re developing
transferable Graduate
Attributes, mapped
against a Subject’s
Learning Outcomes

Year Semester Course intended learning outcomes weightings

2015 j Spring Session j
Subject \‘

VC Project: Socially Responsive Design (87665) _'J
Task "\.
- all _'J

Your results screen allows you to track your progress across subject boundaries for the important categories of attributes that employers are keen to see such as communication skills, critical
thinking etc. The grades you see on the charts are calculated from each individual assessment criteria coded to the different categories in the various tasks you have completed in your course of
study.

A LEGEND

Subject Performance
Shows your weighted performance for each Course Intended Learning Outcome
stacked against the Graduate Attribute Categories in this Subject

@ C10308v1C-2 Effective oral communication skills 23.23%
100

25
Figure 5: Student screen showing their assessment results in the five CAPRI attribute categories
in one subject or unit of study

Thompson, D. (2016). Marks Should Not Be the Focus of Assessment — But How Can Change Be Achieved? 3
Journal of Learning Analytics, 3 (2), 193—212. http://dx.doi.org/10.18608/jla.2016.32.9
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Year Semester Course intended learning outcomes weightings

2015 v Spring Session v

Subject
[ ]
VC Project: Socially Responsive Design (87665) v
eview

Brief and detailed strategy (35%) v
This screen is where you can self-assess against the same criteria that staff are using to assess your work (the self-assessment option is not always enabled by staff on every Assessment ). The
grey bar on the grading sliders shows the pattern of the assessment of your work taking into account the criteria statements next to each one. When you rollover the small coloured symbol next to
the criteria statements you can see which of the categories of attributes each particular Assessment is helping you to build (see the Results Profile screen to check this out for other subjects or
groups of subjects).

v A A
B PRINT A LEGEND
Marking has been published, no changes allowed self marking « staff marking « published «

VI S u a I I n te rfa Ce fo r S e If- Capacity to use a variety of research methods evident in your v
background research, briefing document and strategic plan (R4) - c B o W]

assessment, enabling s

Final mark: C
[ ] L]
b e n Ch m a rkl n g ag a I n St Team marking comment: You seem to have missed the fact that we wanted you to use a variety of research methods... not just googling the topic ?
h t d th Ability to analyse and synthesise complex ideas in defining a v
CO O r ave ra g e y a n e brief and strategic plan that takes into account the clients context e c D W]
(R1) a

tutor’'s assessment

Team marking comment: You did much better than you thought here... particularly in being able to analyse the real clients needs from your first meeting with them.

Effective written communication skills in the briefing document v
and strategic plan, with clear organisation of content and concise - c D R
descriptions (C1) A
Final mark: P

Team marking comment: Your written communication leaves a bit to be desired... particularly in relation to organising content within the document... an index and introduction would have

Figure 4: Student view of the marking screen for a task after a staff member has marked and published their
own gradings and comments

Thompson, D. (2016). Marks Should Not Be the Focus of Assessment — But How Can Change Be Achieved? 4
Journal of Learning Analytics, 3 (2), 193—212. http://dx.doi.org/10.18608/jla.2016.32.9
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| earning Journeys — -

[ |
Learner self-report: scaffolding for a personal inquiry project,

including personalised formative feedback on learning - -
dispositions = peer/mentor coaching conversations
Student/staff orientation site: https://LearningJourneys.uts.edu.au

_— ] __

CIC Homepage: https://cic.uts.edu.au/tools/learning-power UTS CRICOS 00099F
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Learning Power Survey

STEP1/13

Learning Power

~20min 65 item survey
Validated through 20 years’ research

Deakin Crick, R., Huang, S., Ahmed Shafi, A. and Goldspink, C. (2015). Developing Resilient Agency in

Learning: The Internal Structure of Learning Power. British Journal of Educational Studies: 62, (2), 121-160.

http://dx.doi.org/10.1080/00071005.2015.1006574

No,notat  CtY®  Alittlelike Quitelike Quitealot  Yes:Very

alllkeme Mo ke me me likeme  Muchlike
Ll me
| like to find my own ways of doing things
O O o) O o) O

| have at least one person close to me who | can turn to for guidance
in my learning

@) @) O @) @) @)

| like to try out new learning in different ways

@) @) @) @) @) @)

| make connections between what | am learning and what | have


http://dx.doi.org/10.1080/00071005.2015.1006574

Setting a stretch target on
your Learning Power profile

Deakin Crick, R., Huang, S., Ahmed Shafi, A. and Goldspink, C. (2015). Developing Resilient Agency in
Learning: The Internal Structure of Learning Power. British Journal of Educational Studies: 62, (2), 121-160.

http://dx.doi.org/10.1080/00071005.2015.1006574

Orientation to Learning

-

<More rigid persistence More fragile dependence >

Mindful Agency

©

Hope & Optimism Sense Making

Collaboration Creativity

e O

Belonging Curiosity


http://dx.doi.org/10.1080/00071005.2015.1006574

Anonymised cohort
analytics for the subject
coordinator

Distribution across each LP
dimension for the cohort

A heads-up on how the cohort
sees themselves...

In a larger cohort comparisons
may be statistically meaningful
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Making Learning Power profiles focal objects for learning

UTS Engineering (Anne Gardner)

—————— —=

P H wtth Pﬂ?‘*’P
Do man (vdohu

g &Iuh(‘ mak. ey

/ by Bel

/,,,. ~Wekh odte

Merindah
P e ’ %
ik sy Hou i mwde
Ase AN ey
Learning Power personas e e e
B “
™ ] AN e ' /
©
Merindah lives with her parents and younger siblings in Waterloo. She hadn't really T -~ s e eee—
thought of studying engineering but one lherteachefs at school put her forward to pag—
go to the indi ool because she was good
it science. S and most of her friends R l;{ &
from school are not going either. There is a lot of pressure from her ] g h" ”
friends to join them on we: ing the eldest child, her parents expect her to ‘3 @ O'\m R4 ’{.v I(V{ n ’/q [(
help out a lot with the younger kids, and this means that she sometimes has to miss . MQ
lectures or tutorials to take them to school or pick them up afterwards. Vv N\
When she is able to come to class regularly, Merindah is really good at putting
concepts together from lectures and reading: she has little problem in making .
sense of the mate ial. She doesn't accept thi t face value and wants to
un an in . However, s
e she

's not comfortable leaming in grol

y fries her classes. She had some contact with Jumbana before uni.
started, but is too busy to visit them now.

Workshop: http://aaee-scholar.pbworks.com/w/page/117254061/Adelaide%20workshop%2021st%20April
AAEE 2017 paper: https://www.researchgate.net/publication/322244152_Characterising_the_learning_dispositions_of_first year_engineering_students
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TRACK Skills Analytics= - =

personalised feedback on learning/career pathways

CIC Homepage: https://cic.uts.edu.au/tools/track-skills-analytics
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Skills Analytics:

Tailored feedback on learning/career path choices

Upload your CV, and build your skKills profile. Then...

E z TRACK Explorer

o4 Data. Al. Machine Learning. Change. Innovation.

Select capability interests

A capability is an area of specialisation or a specific skill set. Building up skills
each and select the ones you might be interested in pursuing

Artificial Intelligence and Machine Learning

Business Acumen

Cybersecurity

Data Analysis

Data Engineering

Data Engineering

Data engineering is the practice of designing and building systems for collecting,
collection, storage, transformation and delivery of data that makes it possible for

Interested in this capability?

If you would like to include this capability to personalise course recommendations

Y,

Capability skills

Skills required for this capability are shown here. The ones in your profile are blue.

VAWS Redshihr VAmamn Redshiﬂr VApache Hadooﬁ VApache Kafka
Conceptual Data Models | | Data Acquisition Data Architecture D
Data Lakes / Reservoirs ) [ Data Mapping ) ( Data Modeling Data Pre|
Data Warehouse Development ) [ Database Schemas Enterprise Data

MapReduce | Scalability Design ) [ Social Media API ) ( Talend ETL

TRACK Explorer

w *
—
2% Data. Al. Machine Learning. Change. Innovation.

Select UTS Open courses

Start exploring the UTS curriculum to find a path of study that will help you to

Kitto, K. (2022). How can EdTech support graduate employability? Proceedings ASCILITE 2022: 39t
International Conference on Innovation, Practice and Research in the Use of Educational Technologies
in Tertiary Education, Sydney, 4-7 Dec. 2022: €22184, pp.1-6. https://doi.org/10.14742/apubs.2022.184

Data Engineering Foundations

Ethical Al for Good Business

Advanced Data Visualisation

Applied Data Analytics for Cybersecurity

Data Analytics Foundations

Advanced Data Science for Innovation

What Does Facebook Know about You?
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Skills profile matching from NLP and jobs data:
- tailored feedback on learning/career path choices

e Explore training options TRACK o'

Explorer
W [Itistime tostart exploring the UTS curriculum to find a path of study that will help you to pick up the skills that you need to excel at
the jobs you are interested in.

Best match courses i
Selected capabilities (1) Uedate

Journey through Data v @

Engage with data systematically and strategically and learn how to tell a data story.
tifically about Data
Data Literacy: Telling Data Stories v .

\ Skills you have Skills you'll gain
Learn how to craft a compelling data story using statistical analysis and data visualisation. [8 ... ( I

9 2 Hide capability skills A
Applied Data Visualisation v
Skills you have
Take your data visualisation to the next level and focus on data-driven storytelling. [10 wks, av...

Data Munging¢ Decision Making‘/ Microsoft ExceIJ

Advanced Data Science for Innovation o @
= Skills from the selected courses

Take the next step in solving complex business problems with innovative solutions using adv...

Data Mungingv Decision Making‘/ Microsoft Excel.  Columnar Databases Critical Thinking

App“ed Data Analytlcs v & Framing Information gathering Problem Identification Problem Solving Spreadsheets

Experience this highly application-focused, deployment-driven capstone to our data analytic...
Troubleshooting

Data Literacy: Data Informed Decision Making w00 Skills not covered by selected training
Level Upyourdecisionimaking withipractical cata science tools and techniques:[8 wks. avg 6 Computer Literacy Correlation Analysis Creative Problem Solving Design of experiments (DOE)
Ethical Al for Good Business S i Experimental Design Independent Thinking esearch Risk Modeling Social Data

Set the ethical technology agenda for your organisation grounded in Al literacy, knowledge a... Social Media

Advanced Data Analytics &

L)
=/

Build your foundational data background to develop a skillset to run data mining and analysi...

Buckingham Shum, S., Littlejohn, A., Kitto, K. and Crick, R. (2022). Framing Professional Learning Analytics as Reframing Oneself.
IEEE Transactions on Learning Technologies, 15, (5), 634-649. https://dx.doi.org/10.1109/11t.2022.3190055
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From clicks to constructs”

Human Computationally
Not directly observable Observable Detectable

— A /)

Educational / Learning Sciences /

Assessment / 4[ Behaviour Digitally Captured Event
other Theory Sub-Construct

Behaviour Digitally Captured Event

Educationally

meaningful 4[ Sub-Construct Behaviour Digitally Captured Event
construct

Behaviour Digitally Captured Event
" sub-Construct H
Behaviour Digitally Captured Event

Wise, A., Knight, S. & Buckingham Shum, S. (2021). Collaborative Learning Analytics. In U. Cress, C. Rosé, A. Wise and J. Oshima
(Eds.), International Handbook of Computer-Supported Collaborative Learning. Springer. https://doi.org/10.1007/978-3-030-65291-3
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Validating LA behavioural indicators as evidence for
learner capability

OMPUTER S IN
AN BEHAVIOR

In addition to the work of

University Of Melbourne Articles & Issues v  About \»  Publish \»  Order journal Q. Search in this j¢
Assessment Research . .

Centre... Towards Strengthening Links between
https://education.unimelb.edu.au/arc Lea rnin g An alyti csS an d ASS essment:

Challenges and Potentials of a Promising
New Bond

Edited by Dragan Gasevic, Samuel Greiff, David Williamson Shaffer

14
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Metrics for spatial and
inductive ability in
Minecraft correlated with
other validated measures

ior; PATTERN CONFLETION

2 vysh i,
complete the patten,

Peters, H., Kyngdon, A., & Stillwell, D. (2021). Construction and validation of a game-based intelligence
assessment in minecraft. Computers in Human Behavior, 119, 106701. https://doi.org/10.1016/j.chb.2021.106701

Computers in Human Behavior

kA Volume 119, June 2021, 106701
ELSEVIER

Construction and validation of a game-based
intelligence assessment in minecraft

Heinrich Peters * & &, Andrew Kyngdon ® &I, David Stillwell © ¢ &

Show more v

+ Addto Mendeley < Share 33 Cite

https://doi.org/10.1016/j.chb.2021.106701 Get rights and content

Abstract

Video games are a promising tool for the psychometric assessment of
cognitive abilities. They can present novel task types and answer formats,
they can record process data, and they can be highly motivating for test
takers. This paper introduces the first game-based intelligence assessment
implemented in Minecraft, an exceptionally popular video game with
more than 200 m copies sold. A matrix-based pattern completion task (PC),
a mental rotation task (MR) and a spatial construction task (SC) were
implemented in the three-dimensional, immersive environment of the
game. PC was intended as a measure of inductive reasoning, whereas MR
and SC were measures of spatial ability. We tested 129 children aged 10-12
years old on the Minecraft-based tests as well as equivalent pen-and-paper
tests. All three scales fit the Rasch model and were moderately reliable.
Factorial validity was good with regard to the distinction between PC and
SC, but no distinct factor was found for MR. Convergent validity was good
as abilities measured with Minecraft and conventional tests were highly
correlated at the latent level (r = 0.72). Subtest-level correlations were in the
moderate range. Furthermore, we found that behavioral log-data collected
from the game environment was highly predictive of performance in the
Minecraft test and, to a lesser extent, also predicted scores in conventional
tests. We identify a number of behavioral features associated with spatial

reaconino ahility demonstratine the ntilitv of analvzine oranular
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Metrics for creativity in a
game correlated with other
validated measures of
creativity
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Shute, V. J., & Rahimi, S. (2021). Stealth assessment of creativity in a physics video game.
Computers in Human Behavior, 116, 106647. https://doi.org/10.1016/j.chb.2020.106647

Computers in Human Behavior
Volume 116, March 2021, 106647

ELSEVIER

Stealth assessment of creativity in a physics
video game

Valerie J. Shute & &, Seyedahmad Rahimi

Show more v/

+ Addto Mendeley o Share 93 Cite

https://doi.org/10.1016/j.chb.2020.106647 Get rights and content

Abstract

Creativity has been of research interest to psychologists dating back many
decades, and is currently recognized as one of the essential skills needed to
succeed in our complex, interconnected world. One medium that has
affordances to assess and support creativity in young people is video
games. In this paper, we briefly discuss the literature on video games and
creativity and provide an example of current work being done relative to
measuring creativity in the context of a game called Physics Playground
using stealth assessment. To validate the stealth assessment of creativity,
we conducted a one-group pretest-posttest study with 167 8th and 9th
graders from a K-12 school in Florida. Results suggest that our stealth
assessment of creativity is valid (i.e., our stealth assessment estimate
significantly correlated with our external performance-based measures of
creativity). Additional analyses revealed that creativity (i.e., estimated using
our stealth assessment of creativity) significantly predicts in-game
performance (e.g., number of levels solved), game enjoyment, and learning
of physics content. We conclude with a discussion of future directions in
this line of creativity research.
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A model of reflective writing
ability validated against
graded student writing
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Liu, M., Kitto, K., & Buckingham Shum, S. (2021). Combining factor analysis with writing analytics for the formative
assessment of written reflection. Computers in Human Behavior, 120, 106733. https://doi.org/10.1016/j.chb.2021.106733

Computers in Human Behavior
Volume 120, July 2021, 106733

I:l .\f\'er
Full length article

Combining factor analysis with writing
analytics for the formative assessment of’
written reflection

Ming Liu®® & &, Kirsty Kitto ®, Simon Buckingham Shum ®

Show more
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Abstract

The formative assessment of written reflection provides opportunities for
students to improve their practice in an iterative manner using reflective
writing. However, manual formative assessment of written reflection is
time consuming and subjective. While progress has been made in
deploying writing analytics tools to provide automated, formative
feedback, few approaches to automated assessment are grounded in a
validated, theory-based, formative assessment model. To address this, we
propose a five-factor model of the Capability for Written Reflection (CWRef),
grounded in the scholarship of reflective writing pedagogy. This paper
uses Confirmatory Factor Analysis to validate the CWRef model by
examining the relative contributions of textual features, derived from
writing analytics, to each factor in the model, and their contributions to
CWRef. The model was evaluated with two reflective writing corpora,
showing which textual features, derived using Academic Writing Analytics
and Linguistic Inquiry & Word Count, were significant indicators of
factors in both corpora. In addition, it was found that the reflective writing
context was an important factor influencing the validity of the CWRef
model. Finally, we consider how this new analytical assessment model
could enable improved tracking of progression in reflective writing,
providing the basis for improved formative feedback.
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Summary

Learner Profiles can be derived from theoretically-grounded
analytics applied to digital traces from learner activity.

They're beginning to be validated in the research labs, opening

new possibilities for sustainable, rigorous profiles.

They should be combined with current indicators derived from
rigorous assessment, teacher observation, and learner self-report.
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